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Before-and-After AI Workflow Fix Example
A sample diagnostic case showing how an AI-assisted workflow can look productive while becoming
unreliable underneath, and how it can be redesigned with clearer validation, handoff, and ownership
structures.

Sample workflow
reviewed

AI-assisted content production and review process for a small business team.

Observed problem The workflow started quickly, but over time the team needed more manual
checking, more clarification, and more rework before outputs could be used.

Core diagnosis The issue was not just prompt quality. The workflow lacked stable source control,
early validation, defined acceptance criteria, and clear ownership after the AI
output moved downstream.

Before: Productive on the surface, unstable underneath

Before condition Operational effect Reliability risk

AI generated drafts from
inconsistent inputs.

Each output needed interpretation
before review could begin.

Context loss and inconsistent
structure.

Review happened near the end of
the process.

Errors were found after time had
already been spent editing and
preparing the output.

Late validation increased rework
and slowed delivery.

Acceptance criteria were assumed,
not written.

Different reviewers corrected different
things.

Output quality depended on
individual judgement.

Handoffs carried thin context. The next person had to reconstruct
why an output was produced.

Decisions became difficult to
trace.

One person carried most of the
workflow memory.

The workflow worked only when that
person corrected missing context.

Hidden bottleneck and
dependency risk.

Diagnostic conclusion The AI output was usable only because people kept repairing the workflow around it.
The visible symptom was inconsistent output. The underlying problem was weak
operating structure around input control, validation, handoff, and ownership.
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After: Clearer workflow design with
stronger reliability controls
The redesign below does not depend on a single stronger prompt. It adds operating controls around the
AI output so the workflow can be reviewed, handed off, and reused with less ambiguity.

After design

Workflow control added What changed Expected improvement

Source lock The source material used by AI is named,
dated, and attached before generation
begins.

Reduces context drift and
unsupported assumptions.

Input brief Each request includes audience, purpose,
required structure, excluded claims, and
output destination.

Creates more consistent outputs
across cycles.

Early validation
checkpoint

A short review happens before editing,
publishing, or client/team handoff.

Stops errors before they travel
further into the workflow.

Acceptance criteria Reviewers check against written criteria
instead of personal preference.

Makes review faster and easier to
explain.

Decision record Key decisions, changes, and approval
notes are captured before the output moves
downstream.

Improves traceability and reduces
repeated clarification.

Named owner Each stage has a named owner for source
input, AI output review, final approval, and
handoff.

Reduces ambiguity and hidden
dependency on one person.

Simplified operating flow

1. Source locked 2. AI generation 3. Early validation 4. Revision 5. Approval 6. Handoff record

Resulting change

Before After

The team checked outputs late, corrected the same
issues repeatedly, and relied on memory to understand
why an output was created.

The team now has clearer source control, earlier
validation, written acceptance criteria, and a handoff
record that carries context forward.

The workflow looked fast because AI produced the first
draft quickly.

The workflow becomes more reliable because the
operating structure around the output is clearer.

Portfolio note This is a sample case format for demonstration. It shows the type of diagnostic reasoning
and workflow design structure used in an AI workflow reliability review.


